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> mydata$Yvariable = factor(mydata, Yvariable, levels = ¢(No, Yes), lebels = c(*0", "1")

> view(mydata, Yvariable)
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>library(caTools)

>set.seed(123)

>split = sample.split(dataset$Purchased, SplitRatio = 0.75)

>training_set = subset(dataset, split == TRUE)

>test_set = subset(dataset, split == FALSE)

>classifier = gim(formula = Purchased ~ .,family = binomial, data = training_set)
>prob_pred = predict(classifier, type = "response’, newdata = test_set[-3])

>y pred = ifelse(prob_pred > 0.5, 1, 0)

>cofusion_matrix = table(test_set[, 3], y_pred > 0.5)
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> mydata$Yvariable = factor(mydata, Yvariable, levels = ¢(No, Yes), lebels = c('0', '1)

> mydata$Yvariable = factor( mydata$Yvariable , levels = c(‘No’, "Yes'), labels = c(0, 1))

> view(mydata, Yvariable)

> view( mydata$Yvariable )
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split = sample.split(datasetSPurchased, SplitRatio = 0.75)
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training_set = subset(dataset, split == TRUE)
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‘test_set = subset(dataset, split == FALSE)

.classifier = glm(formula = Purchased ~ ., family = binomial, data = training_set)

:prob_pred = predict(classifier, type = 'response’, newdata = test_set[-3])
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'y_pred = ifelse(prob_pred > 0.5, 1, 0)
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:confusion_matrix = table(test_set[, 3], y_pred > 0.5)
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